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1. Introduction 
 
Internal migrations in developing countries mainly concern rural to urban or rural to rural migrations. 

These migration patterns are predominant China, India and several Sub-Saharan African countries, as 

opposed to Latin American migrations for which the pattern is urban to urban.  

In addition to their pattern, migrations also have their set of constraints. These are mainly financial but 

can also relate to distance and lack of information. These constraints usually limit rural to urban 

migration but support rural to rural. Regardless of the particular pattern followed or constraints, the 

vast majority of migrants end up being better off. Migrations have reduced poverty in China, India and 

to some extent in African countries, albeit indirectly thanks to migrants’ remittances to relatives left in 

their village of origin (Lucas (2015)). 

 
Specifically in India, internal migration is a well spread phenomenon, in large part thanks to a well-

connected railroad network allowing easy long distance travel. The network has been greatly improved 

since 2012 with the construction of the Golden Quadrilateral, a highway network connecting India’s 

main cities. Most reasons for migration—from labour to marriage or even education—involve agents 

either attracted by the benefits that urban areas might offer, or attempting to extricate themselves from 

the quagmire of poverty. Although a well-connected network of transportation alleviates the cost of 

migration, it remains a costly decision not only monetarily, but also psychologically (Bhagat 2010; 

Czaika 2012; Lucas 2015. For example, migration places couples on the horns of a dilemma; either the 

couple separates or adapts. The latter is a common feature in India. 

On this aspect Banarjee (1981) explained internal migration in India in the context of family. 

Furthering the analysis of Mincer (1978), where migration is assumed to be a joint decision of a 

nuclear family, the author adapts the analysis for India, where the migration involving the whole 

family is rare. One of the main findings is that migration seeks to maximise benefits for families rather 

than individuals. Despite the distance, links between family members stay strong. Husbands either 

remit to their spouse or visit them in the village of origin. De Haan (1997) speaks of migration as 

being circular rather than permanent: migrants return to their home once they have saved enough 

money for their needs. However, Banarjee concludes his article inviting further research on migration, 

such as including reasons beyond labour, and expanding analysis to include women as well as men. 

Despite being attractive, migration remains highly affected by discrimination. 

In addition to the high costs of migration, migrants suffer from a segmented labour market (De Haan 

(1997)). Indeed women, the poor and lower caste members endure severe discrimination and are often 

made scapegoats for the woes of cities, (Bhagat (2010) and Khan (2016)). This discrimination is not 

only confined to urban areas but is also present in rural ones, where women live in constant fear of 
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sexual harassment. In order to prevent or at least to attenuate this problem some men from the same 

village work with them in the fields (Rao and Rana (1997)). Despite the challenges that migrations 

present, migrants are better off in terms of income than non-migrants, even if the difference is small 

(De Haan (1997)).  

 

The aim of this paper is to investigate the heterogeneity of income premia to migrants along several 

dimensions such as gender, reasons for migration and levels of skill by using the IPUMS-International 

database on India, for the years 1983, 1987 and 1999. A general note that we want to stress in this 

paper is that all the links being analysed do not aim to determine causality between the set of 

explanatory variables and the income of migrants, but rather to clarify the relationship among these 

variables. 

Our empirical strategy to analyse the relationship was carried out in two steps: firstly, we investigated 

the descriptive statistics in order to assess how the distribution of wages between migrants and non-

migrants relate, as well as the distribution between women and men. Then we pushed our analysis a 

step further by running a Mincer equation quantifying a premium for observable characteristics. 

Thereupon we created a more complex model by introducing simple and three-way interaction terms 

to assess the heterogeneity of the premium along several dimensions (urban areas occupations, etc.)  

Our results show that the “urban premium” benefits male migrants, regardless of their reasons for 

migration. Women who migrated suffer from their gender status but migrations toward cities alleviate 

the penalty on their income. These results have been confirmed by Khan (2016). The premium 

benefits migrants going to an urban area. However the author underlines that the premium is relative 

to gender, caste and tribe, which remain severe discrimination factors in the Indian labour market.  

 

The most important references for this paper are the articles of Khan (2016) and Bhagat (2010). The 

contribution of this paper to the existing literature is that it bridges these two articles. Indeed, the 

former evaluates the wage differential between migrants and non-migrants carrying out an analysis to 

some extent similar to the one in this paper. By using the National Survey Sample (NSS) for India 

relative to the years 1999-2000 and 2007-2008 rather than the Census, Khan explains the wage 

differential between migrants and non-migrants. His analysis starts with a Mincer equation and some 

key control variables in order to understand the main features of these categories. Then he pushes the 

analysis further by using a RIF-quantile regression decomposition to gauge the wage gap more 

precisely across the distribution of wages. 

 

The second main reference of this paper is the article by Bhagat (2010), which is more descriptive and 

explains the different patterns and reasons for migration between men and women. We also further its 

analysis by quantifying a premium on income for observable characteristics among the different 
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reasons for migration. Moreover, we also explore the heterogeneity in premiums between different 

levels of skills. We found that the skill level of migrants brings an important premium especially in 

cities but the reasons for migration matter a lot: the larger premia are not observed among those who 

migrate for work, but other categories, mainly those who migrate for educational reasons. 

 

This paper contributes to the literature by taking wage differential analysis a step further, focusing on 

heterogeneity of premia among migrants and non-migrants according to their areas of living (rural or 

urban) and their reasons for migration. Some features of current literature explain that men and women 

follow very specific migration patterns. The former are described as mainly migrating toward cities 

due to work reasons and across state lines. Specifically on India, De Haan (1997) relates that 

migrations mainly concern men in search of work because of lack of income or land. Conversely to 

what we might assume, De Haan emphasizes that migration is not necessarily predominant among the 

poorest. Bhagat (2010) stressing that migration is not only seen among poor agents but rather the 

opposite; agents with some background skills and education seem to fit the profile of the average 

migrant better. Indeed the former have nothing to lose while the latter can reap the benefit of urban 

migration (Mahapatro (2014)).  

More specificly on women’s migration, it is known that they are bitterly discriminated against in the 

labour market (Rao and Rana (1997)). Lusome and Bhagat (2006) relate the trend and patterns of 

migration in India explaining that internal migration is a widespread phenomenon, which concerns 

about a third of the population. By using data from Indian censuses, they describe the magnitude and 

the different reasons for migration by gender from 1971 to 2001. They observe specific patterns of 

migration for women and men; the former migrate especially for weddings while the latter do so for 

work. Identical patterns are seen for the years after 2001 (Bhagat (2010) Abbas and Varma (2014) and 

Khan (2016)). Despite being shown very clear differences in reasons for migration between women 

and men, Rao and Rana (1997) assess that women migration is not only a matter of marriage, since 

husbands often leave theirs spouse behind once they migrate for work. Being in charge of the children 

and on their own, they have to adapt to avoid starvation. Women are traditionally seen gathering forest 

goods to bring additional income and/or to feed the household. Migration has been exacerbated by 

deforestation, pushing women to migrate in order to find other sources of revenue 

 

Our second contribution is to assess the wage differential between men and women, carrying an 

analogical analysis between migrants and non-migrants according to their gender. 

Much of the literature states that women tend to travel short distances, staying within the state or even 

in the same district, leaving their family household only to join their husbands once they get married 

(Abbas and Varma (2014) and Bhagat (2010)). Concerning the destination of migration, Lusome and 

Bhagat (2006) explain that before the nineties, migration flows were essentially concentrated within 
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states, while interstate streams were quite weak. Czaika (2012) adds that the destination of migrants 

depends on relative and absolute deprivation of household (Stark 1984; Stark and Yitzhaki 1988): 

migrants seek to improve their relative position with respect to a reference group (i.e. overall 

population, specific social group). He distinguishes between relative deprivation related to short 

distance migrations, within the states, and absolute deprivation concerning long distance and 

international migrations. Actually, male migration is often further, interstate and longer (about six 

months) compared to women’s short commuting moves, which last about a month. Srivastava and. 

Sasikumar (2003) underline that intradistrict migration concerns especially women, who leave their 

parental home to move to their husband’s household. Intrastate migrations are related to rural-urban 

moves while shorter ones are usually rural to rural ones. (Lusome and Bhagat 2006; Keshri and 

Bhagat 2013). The rural to urban stream became stronger and stronger in the nineties with economic 

liberalisation and is expected to extend, while the reverse to rural to rural flow is becoming weaker 

(Lusome and Bhagat 2006;Bhagat 2010). 

Finally, we also contribute to the literature on the relationship between occupation and wages 

according to different levels of skill. On this subject, Chandrasekhar and Sharma (2014) stress another 

interesting feature of migration: migrants are looking for the best opportunities in terms of education 

and income to fit with their qualifications. The authors point out that migrants for education are likely 

to migrate to more developed states, if not abroad (what is know as “brain drain”) in order to benefit 

from higher education quality, infrastructure and future higher income. Hence the authors highlight the 

pressing need for investment in education and particularly post-secondary education in the interest of 

economic development.  

The rest of the paper is organized in four sections. Section 2 presents the methodology, describes the 

IPUMS-International dataset and the principal variables of interest. Section 3 describes the IPUMS-

International dataset and the principal variables of interest. Section 4 presents the results of the 

descriptive analysis and the Mincer regression on the log wage by migrant characteristics. Section 5 

discusses the results, widens the research to urban economics and concludes. 
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2. Methodology 
 
On the basis of the theoretical insights and on previous empirical findings presented so far, we 

investigated several dimensions of the income premium: firstly the urban and rural aspect, then the 

situation regarding women’s migration and, finally, the motivation for migrations. 
 

We were expecting male migrants to benefit from a premium in cities. As Lucas (2015) underlines, 

migration especially concerns workers. However, we supposed that other reasons for migration also 

matter. Indeed migration for weddings and toward cities might concern women from the upper sphere 

of society, or migrants for education, who might benefit from the premium offered by urban areas as 

well. To some extent, we expected our findings to be similar to Khan’s (2016) but through a 

decomposition of migrant categories, allowing us to observe whether working migrants are the ones 

reaping the most benefits from living in cities compared to all the other migrant categories.  
 

We have seen through the literature review above that women are severely discriminated against as 

migrants. Mainly migrating to short distance destinations, they suffer from their gender status as Rao 

and Rana (1997) point out. However, we supposed that even if women are associated with wedding 

migration, this is not women’s only reason for migrating, and more investigation was required. 

Despite being aware of how the highly segmented Indian labour market works against them, women 

have had to go beyond the traditional means of raising additional income in their village of origin. 

Migrations toward cities might be a way to do just that. If that were to be the case, the premium from 

migrating in urban areas would attenuate the negative impact of discriminations without cancelling it. 
 

We expected the more skilled agents to migrate to urban areas as Chandrasekhar and Sharma (2014) 

found. Migrants for education are looking for the best opportunities to work or get a tertiary education. 

Hence, we were expecting larger premiums in cities either for those working after their studies or for 

those who are highly skilled.  
 

In this paper we carried out our analysis on migrations and their associations on wage by estimating 

Mincer equations. The raw form of this equation simply seeks to explain the wage relation between 

the education and the professional experience of an individual using ordinary least square regressions 

(OLS). These regressions have been under fire from critics for three reasons: endogeneity problems, 

non-linear education premiums and homogenous experience as related by Humphreys (2013).  
 

To tackle the first problem we could have either tried to find instruments to solve the endogeneity or 

introduced key control variables. The downside of the former was that it entailed finding instruments 

good enough to break endogeneity but also independent of other latent variables affecting wage, all 

this without triggering other problems. (Card, D., 1999: 1819-1822). Therefore, we chose to introduce 
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key control variables. However, it is important to keep in mind that including a very extensive list of 

variables in the Z vector  (see equation (2) below) will never be exhaustive (Harmon et al. 2003: 138). 
 

Another issue to which we were confronted was the absence of an experience variable. As a lot of 

datasets do not have information on this variable, we approximated it thanks to the following 

expression –the Mincerian experience. (Cahuc, P. and Zylberberg, A, 2004: 85-87).  
 

   𝐸𝑥𝑝𝑒𝑟𝑖𝑒𝑛𝑐𝑒 = 𝑎𝑔𝑒 − 𝑦𝑒𝑎𝑟𝑠  𝑜𝑓  𝑠𝑐ℎ𝑜𝑜𝑙𝑖𝑛𝑔 + 6    (1) 
 

It is worth stressing that the coefficient 6 in equation (1) refers to age at the beginning of schooling 

(Mincer, 1974: 84). However, the application of this equation is dependant on the availability of data 

on years of schooling.  
 

In our sample, we only had years of schooling observations for 1983. To solve this issue we followed 

a method developed by Heckman et al. (2003: 48-49) using Census data: instead of years of schooling, 

the highest-grade achieved in school was used. As our sample contained observations on the grades 

obtained by individuals, we chose to follow this methodology.  Indeed, we used the variable labelled 

as years of education in the following section. We impose a certain number of years of education for 

each degree achieved, from 0 year if primary school has not been completed to 15 years for the 

achievement of a university degree.  

The equation below was benchmark for our analysis. As we used a Mincerian equation, taking care to 

discard the age variable from the equation (2) in order to avoid collinearity with the experience 

variable.1 
 

   ln 𝑌 = 𝛽! + 𝜌𝑠 +   𝛽!𝑥 + 𝛽!𝑥! + 𝛽!𝑍 + 𝜀      (2) 
 

Where ln 𝑌   is the logarithm of the wage, 𝛽! is the constant, s the years of schooling, 𝑥 the years of 

potential experience, 𝑥! the experience squared and 𝑍 a vector of other variables. 
 

The starting point of the study was to focus on equation (2), where we controlled for gender, urban 

area of living occupation, religion and marital status. The very first equation takes into account only 

year fixed effect. Indeed the analysis was first carried out keeping the years fixed, and later controlling 

for year-occupation fixed effect, meaning that we not fixed the years anymore but also fixed the same 

occupation categories. In order to assess the premium or penalty of the different variables we also 

considered their interactions, firstly, on a two-way interaction, then on a three-way to be even more 

precise.   

                                                        
1 Summary descriptive statistics can be seen in table A.2 
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3. Data 
 
 
Database description 

 

We wanted to explain the wage of migrants depending on their reasons for migration and according to 

individual characteristics.  Therefore, we needed the data to report not only migration information but 

also labour market and socioeconomic data points for workers. 

The Integrated Public Use Microdata Series (IPUMS) database satisfies these conditions. These data 

were provided by the Minnesota Population Center and reflect data from censuses and surveys 

worldwide2. As we are studying India our sample relates to the Census reported by the Indian Ministry 

of Statistics and Programme Implementation. To create our sample we proceeded in two steps. Firstly, 

we had to choose the sample we wanted to work with (country and available years) amd second, we 

had to select the variables of interest split into two main categories: 

 

Household: containing subcategories of variables such as household composition, household 

economics or geographical variables. 

Person: containing information on family structure, sociological variables (gender, age marital 

status…), labour market variables and migration. 

 

In order to allow comparability across the years we decided to choose the year where the variables on 

migration are available. Thus we ended up with a cross-sectional sample composed of three years, 

1983, 1987 and 1999. Our paper covers 87061 workers, 50410 and 85523, for each year mentioned, 

respectively. As the paper proceeds, we refer to these numbers where migrants and non-migrants 

workers are pooled. This being a multiple cross sections database, we were not able to follow 

migration flows by observing the agent through time. Nonetheless, we were able to study the reasons 

for migration and the previous state of residence for agents, since state of origin data is available for 

every observation in our database. The former can be studied thanks to a variable relating the reasons 

for migration discussed below, and the latter explains the most recent moves of the individual between 

administrative units.  

Migrants 

 

First of all, we would like to emphasize some problems with the measurement of our sample. As 

described above, our database is the fruit of harmonised work on censuses and surveys. It should be 

pointed out that the definition of a migrant is understood in different ways in different datasets. For 

                                                        
2 For further information on IPUMS International we warmly encourage the readers to consult the following 
link: https://international.ipums.org/international-action/faq  
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instance, in the National Sample Survey (1981: 5), migrants are defined as “a normally resident 

member of a sample household was treated as a migrant if the person’s village/town of enumeration 

was different form his/her last usual place of residence (village/town)”. However, the Census 

definition is even wider: “A person whose birth place/last residence is different from the village or 

town of enumeration. ” (Census of India, 1981: 210). 

 

Activity status and age of working  

 

In our paper, we focus exclusively on the subsample composed by the population in age of working 

and being employed. This means the employed population between 15 and 64 years of age. 

We justify this choice by the fact that this age group represents between two thirds and three quarters 

of the whole population for the years studied once agents below 15 and above 64 are taken out. 

 

Income 

 

The remuneration of the agent is reported on the year of the census. The data is for weekly wages, paid 

in the local currency (Indian Rupee) and not inflation-adjusted. As wage distributions are often 

positively skewed, taking the natural logarithm of the wage might be a good idea to have a better 

distribution. Moreover, using a logged variable as dependant variable allows us to carry a semi-

elasticity interpretation if the independent variables are level.  

However, taking the log of the wage eliminates all the observations on workers who work but are not 

remunerated. As our analysis is focused on people in age of working who are employed and 

remunerated, we have to be more precise. As non-remunerated workers compose more than the half of 

our sample, we chose to dispose of them in order to have a normal shape of the log wage. Non-

remunerated workers are those who declared, during the survey, a received or receivable income of 0 

rupees on a weekly basis. Excluding these individuals facilitated the interpretation of the subsequent 

analysis on wage.3 

 

Distance proxy and migration categorisation  

 

The choice of the IPUMS-International database on India was mainly driven by its extraordinary 

information on migration. Indeed, thanks to three variables on migration we were able to know the 

reasons for people movements, the previous state of residence and the migration status according to 

the previous residence. The latter informs us on the nature of migration from a geographic point of 

                                                        
3 Table A.1 shows the share of the non-remunerated agent by gender. We realise that 89.75% of men and 
43.67% of women are non-migrants. Together the non-migrants category accounts for 78% of the subsample. 
The migration concerning women is especially for wedding reasons.  
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view, split in five categories: non-migrants, intra district migration, intrastate migration, interstate 

migration or  migration from abroad. Thus we are able to know from which states individual come 

from but not the destination. Moreover, we were able to use this variable relating the reasons for 

migration, as a proxy for distance following Gobillon’s (2001) approach for reasons for migration, as 

featured on the tables in section 4. 

On the subject of migration categorisations, it should be noted that we chose to follow a classification 

similar to the one used by the United Nation Population Division (1970: 64-65) because of the many 

reasons for migration. We also decided to create four categories of migration in order to facilitate our 

analysis: the first being working reasons composed of migrants in search of jobs, migrants whose jobs 

were subject to relocation, migrants who were assigned a job assignment away, or migrants in search 

of opportunity. The second is relative to family reasons and concerns mainly family moves but not 

weddings. Indeed, since weddings are the main reason for migration of women in India, we decided to 

create a full-fledged category for wedding migration. Finally, the last category relates to other reasons 

for migration composed by migration for studying, political and social problems and other unclassified 

reasons. 

 

Repartition of skills  

 

Usually skills are approximated by education but in our sample we have a variable reporting the 

category of job occupation. This variable uses the International Standard Classification of Occupations 

of 1988 (ISCO-88), allowing us to divide abilities according to a scale of skills:  

The first level concerns the elementary occupations, mostly simple and repetitive tasks, which can be 

very physical. 

The second level is quite heterogeneous. It is composed of occupations such as plant and machine 

operators, craftspeople and related trades, skilled agricultural and fishery workers, service workers and 

shop and market sales workers, and, finally, clerks. 

The third level is for technicians and associate professionals. These occupations focus on technical 

work related to specific field such as life science and social sciences. It can also involve teaching at 

certain educational levels. 

The fourth level, professionals, is very similar to the third level, but it goes further insofar as the main 

task of migrants in this category is the production of knowledge, teaching, and and undertaking 

research in a methodical manner. 

The last category concerns legislators, senior officials and managers. This category doesn’t make any 

reference to levels of skill. The main occupations are focused on formulating government policies, 
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laws and public regulations. Tasks involving acting as a representative, and coordinating firms or 

departments are also included (ISCO-88, 2004).4 

We decided to gather the third level, the fourth level and the legislators and managers category to form 

one single high skill occupation group. Despite the absence of skill level references in their category, 

the legislators and managers category can be easily associated with the fourth level of skill (ISCO-

08)5. We grouped ISCO level two occupations together as intermediate skill occupations, while 

elementary occupations are classified as low skill. 

 

Urban areas 

 

As a determinant variable of our paper is the place of living of the individuals, it is important to have a 

clear definition of what constitutes an urban area. We followed IPUMS’ definition of such areas: an 

urban area is defined as town from an administrative perspective, having an authority entity such as a 

municipal corporation, having at least 5000 inhabitants or 400 per square kilometre and “pronounced 

urban characteristics and at least three fourths of the adult male population employed in pursuits other than 

agriculture.” 6 

 

Years of education 

 

In India, education follows a 10+2+3 pattern, which means ten years of mandatory school to reach the 

secondary level, two of high secondary and 3 for a bachelor’s degree (4 if it is a technical degree such 

as engineering). Our dataset allows us to decompose the mandatory years of schooling in primary, 

middle and secondary grade. That means we were able to build a proxy for years of schooling using 

the following method: if primary education has not been completed, the years of schooling take the 

value of 0; having completed the primary school is equivalent to 5 years of schooling; completing 

middle school completed is equal to 8 years while finishing secondary school is worth 10. Finally, as 

higher secondary is a kind of preparation for taking an undergraduate degree, we chose to follow the 

initial variable repartition and attribute 15 years of schooling for the accomplishment of a university 

degree. (British Council, 2014: 12-13) 

                                                        
4  Detailed information on skill categories are available on the ILO website: 
http://www.ilo.org/public/english/bureau/stat/isco/isco88/publ4.htm) 
5 The index correspondence (part 4) provided on the link below, allows us associate the legislators and managers 
group to a fourth skill level category. http://www.ilo.org/public/english/bureau/stat/isco/isco08/index.htm) 
6 https://international.ipums.org/international-action/variables/MARST#description_section  
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4. Results 
 
 
Firstly, we focused on the descriptive statistics of our subsample to get a sense of the disparities 

between migrants and non-migrants with regards to the wage premia and the reasons for migrations. 

Then we examined the remuneration of migrants with the Mincer equation in its simplest form. This 

analysis was then expanded into more precise stages, during which we added a set of controlling 

variables such as gender, levels of skill and even marital status. Subsequently, we also examined the 

interactions between urban areas and migration for working reasons, as well as the link between 

occupation and migration for working reasons. We then topped off our analysis with triple 

interactions, wherein occupation, reason for migration and urban area were studied altogether. 

4.1  Descriptive statistics 
 
At the beginning we wanted to determine if there were any disparities between migrants and non-

migrants with respect to the areas where they live. 

Figure 1 shows that migrants living in rural areas (black dashed line) seem to have been less 

remunerated than non-migrant workers also living in rural areas (solid black line). 

Meanwhile in urban areas the opposite seems to occur: migrants were paid better than workers who 

already lived there. Indeed, the distribution for migrants living in cities (dashed grey) was slightly 

more negatively skewed than the non-migrants one (solid grey). 

 

 

Figure 1 Wage distributions for migrants and non-migrants 
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The characteristics of the distributions in table A.1 of the appendix, show that the mean of the log 

wages is slightly larger for those who migrated in urban areas and slightly smaller for those who 

migrated to rural areas. Interestingly, similar distributions of wages between migrants and non-

migrants are shown in Khan (2016). To ensure that the distributions of Figure 1 are not equal, we 

followed Khan’s methodology and ran a Kolmogorov-Smirnov test7. Indeed, the test showed migrants 

living in cities benefitted from a premium, while those living in rural area suffered from a penalty. A 

possible explanation that the author gives is the over-representation of women in rural areas, which 

pushes the overall wages of migrants down. (Khan I., 2016: 252-259).  However, our data does not 

make the case for this explanation as clear as his paper makes it out to be.  

 

We then wondered how the distribution of migration reasons relates to migration distances. In order to 

answer this question, we concentrated on our sample of 83216 migrants. As table 1 shows, the reasons 

for migration variable can be expressed as a function of the distance travelled between the previous 

location and the current one. The shortest distance, migration within districts, is the most common. 

Further distances decreased migration dramatically. Inter states migrations stayed relatively high, 

reaching  29.22% for working migration, while wedding is usually settled within districts, with 

78.06% of wedding migrants coming from the same district as the previous location. Migrations from 

abroad were minimal. 

 

Table 1: Shares of reason for migration regarding the previous location pooled 

 

 

 

 

 

 

 

 
 
Note: The Table represents the percentage of migration by categories. As explained in section 3,  
the migrations across space allow us to know the provenance of the migrants but not the destination. 

  

                                                        
7 We can strongly reject the null under which the distributions are equal for figure 1. The outcome of theses tests 
are shown in table A.3.1 in the appendix  

 Intra district Inter district Interstates Abroad  

 

Working 35.48 34.24 29.22 1.05 38997 

Family reasons 44.08 29.73 21.09 5.11 8873 

Wedding 78.06 16.66 5.1 0.18 25932 

Others 57.23 22.76 12.55 7.43 9414 

Observations     83216 
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These patterns of migration are directly in line with the results of Gobillon (2001) about human 

movement in France, where migrations for professional reasons are especially lengthy in terms of 

distance (inter department movements), while family, marriage or accommodation reasons cover 

shorter distances (within “communes” or counties).  

 
 

Table 2: Reasons for migration by previous area of living pooled 

 
 
 

 

 

 

 
 
Note: The Table represents the reason for migration according to the place of origin of the migrants. The table  
Shows the percentage by origin and thus should be read in row. 

 

 

Table 2 shows that migrants previously living in a rural area migrated either for working reasons 

(42.55% of the time) or for wedding (39.1%). Meanwhile, those living in urban areas migrated mainly 

for working reasons, reaching almost 60%. More precisely, Bhagat (2010) relates the migrations 

patterns to urban or rural areas or the other way around. He stresses that the most significant flow is 

from rural to urban areas, while the reverse stream is the least popular. This peculiar stream is either 

relative to retired, wealthy people preferring living in the countryside or urban resident, who have to 

look after the familial properties. Regarding the urban to urban flow, the author highlights that this 

pattern is essentially concerning the migrants for working reasons (ibid, 2010: 37). Looking at the 

migration for wedding reason we observe a similar feature to table 1. 

Speaking about working migration Hnatkovska and Lahiri (2013) explain that urban migrant living 

already in cities earn higher wage than newcomers from rural area. 

 

We can wonder as well how the distribution between women and men is concerning the reasons for 

migration. We realise this fact on figure 2, migration for wedding reason accounts for 73.75% (very 

close to Baghat’s estimation of 70%) for women and only 3.01% for men. A reverse situation is 

observable when we compare migration for professional reason more than 70% of men are concerned 

against 10.10% of women. 

 

Bhagat (2010) shows very close share of migration reasons relative to men and women, for the Census 

data in 2001. Despite not finding quantitatively similar result relative to men, qualitatively speaking 

 
Working Family Wedding Others 

       

      From rural 42.55 9.51 39.1 8.85 59367 
From urban 59.93 12.48 12.02 15.57 22239 
From abroad 25.53 28.14 2.86 43.48 1610 

      Observation 
    

83216 
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we have the same result. The author shows that labour migration seems to be the main drive of men 

migration (Bhagat, 2010: 39-40). 

 

 

Figure 2 Migration reasons by gender 

 
 

Interestingly, figure 3 shows wage distributions regarding migrants’ gender. We notice similar 

distributions to what we found on figure 18. At a first glance we realise that non-migrants women 

(solid black) seem not to suffer from a wage penalty of migration in comparison to women who 

migrated (dashed black). Indeed, the latter is slightly skewed on the left. Concerning men, who 

migrated (dashed grey), we realise that migrants seems to benefit from a migration’s premium relative 

to the ones who did not migrate (solid grey)9. It seems that figure 3 confirms the already mentioned 

discrimination against women. We will carry more attention to this feature when we will be analysis 

the Mincer equation in the second part of this section. 

 

 

  

                                                        
8 Identically to figure 1 we run a Kolmogorov-Smirnov test allowing us to reject the equality of the distributions. 
The outcome of theses tests are shown in table A.3.2  
9 Table A.4 gives a clearer view of these distributions relating the descriptive statistics of migration by gender. 

0
20

40
60

80

working family  wedding  others working family  wedding  others

male female

pe
rc

en
t



 15  

 

Figure 3 Wage distributions for migrants and non-migrants according to the gender 

 
 

Finally, we wanted to know how the partition of occupations varies between female and male 

individuals, for both non-migrants and migrants. On figure 4, the left hand side figure depicts the 

situation for non-migrants. We realise that the main occupation is the elementary occupations for both 

women and men. On the right hand side the situation is alike for women who migrated but quite 

different for men. We observe a distribution, which is more balanced among the occupations. 

 

Shanthi (2006) acknowledges that the main migration reason for women is marriage. However, in her 

article, she underlines that beyond this main reason lie three types of female migration. The first is the 

migration of autonomous females, who fall into one of two categories. One category is that of 

autonomous female migrants who are highly skilled, while the other includes autonomous women who 

are not highly skilled. For the former, migration aims either at improving their education or finding 

suitable employment, with the main motivations being hopes of social advancement and making a 

better wedding match than was possible in the previous place of living. We suppose that this kind of 

migrant fits into ISCO categories two, three and four, which correspond to professionals, clerks, and 

other occupations mentioned figure 4 below. For the latter, semi-literate category of autonomous 

women, migration goals are usually limited to finding work in manufacturing industries such as the 

garment industry, electronics assembly lines or the food industry.10 

  

                                                        
10 These categories correspond to 7, 8 and 9 according to ISCO classification, being craft and related trade 
worker, plant and machine operator and assembler and elementary occupation respectively. 
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The second type of female migration is labelled relay migration and concerns especially elementary 

occupations (category 9, in figure 4), which remains the principal occupation for women regardless of 

the status of migration (migrant or non-migrant). In relay migration,  the eldest daughter is sent to 

work as housekeeper in order to improve family income until she becomes married, at which point, a 

younger sister replaces the vacancy left by her elder and so on and so forth. To some extent this 

second type of migration mirrors Rosenzweig, and Stark (1989) on migration for wedding reason. 

 

Finally, family migration is beyond the scope of wedding migration as we categorised this reason for 

migration under family reason, where women are joining their husband after the wedding expecting to 

get a job at the destination (Shanthi K., 2006:3). 

 

 

Figure 4 Occupation by gender for non-migrants and migrants 

Left, partition of occupation by gender for non-migrants. Right, partition of occupation by gender for migrants. 
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4.2 Mincer equation  
 

After having carried a descriptive statistical analysis on the wage premium of the migrants regarding 

the area of living, the possible reasons for migration and the skills between women and men. 

We turn now in the core of our analysis: the comparisons of the wage premia, through Mincer 

equations. 

 
As we already explained in section 2, the analysis will concentrate first on the simplest form of the 

Mincer equation, to which we add a set of key control variables (gender, migration status, area of 

living, occupation, marital status and religion). This equation will be the building block of more 

complex regressions. 

 
As we explained in the methodology section, we decided to follow Heckman et al. (2003) 

methodology on imposing a certain number of years of education for the completion of a school 

degree. In order to gauge the performance of this method, we decided to compare it to the Mincer 

equation estimation using the years of schooling variable, available only for the year 1983 (equation 2 

of table A.5). We realise when we run this equation that the explained models are not so different each 

other since the coefficients of years in equation (1) and (2) of table A.5 have the same magnitude.11 

 

The second part of our analysis focuses on interactions between migration gender and area of 

living.  We are expecting to get back some features that we observed through figure 1 and 3. 

Finally, in the last part we carry the analyses a step further by introducing different motivations for 

migration and different levels of skill,  as explained in section 3. The goal is to determine whether the 

premia or penalties are specific to precise migrant profiles. 

 

 

  

                                                        
11 This results can be observed in the appendix on table A.5 
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4.2.1  Mincer equation in its simplest form as a building block 
 

On table 3, we ran four different equations .The first, under column (1), is our building block, which 

depicts the impact of being a migrant on the wage and fits 36.5% of the data. We developed our 

regressions by controlling for several variables such as gender, urban area of living, occupation or 

even religion, which are related under columns (2) to (4). Interestingly, we realised that being a 

migrant decreases the log wage by 0.086 and is significant at 1% level. Despite being relatively 

limited, migration is associated with a negative correlation on the wage, ceteris paribus.  

 

This result would partially corroborate the wage distributions for migrants and non-migrants that we 

saw in figure 1, especially for rural migrants. But we do not have the full picture since the 

migrant’s  area of living  is not taken into account, nor is the  migrants’ gender wage differential 

depicted in figure 3. To address this, we ran two other regressions, controlling for gender and urban 

area (columns (2) and (3) respectively), which explain about 38.8% and 39.6% of the data. 

We observe two features, the penalty on migrant living in rural area disappears replaced by a very 

light premium, about 0.034 and 0.012, significant at 1% and 5% ceteris paribus, and a severe penalty 

hit women with a coefficient about -0.483 and -0.450. It is worth recalling that dummy’s coefficient 

must be interpreted as per cent return.12 

Although the aforementioned findings support figures 1 and 3, we decided to run a last regression, 

under column (4), combining all the variables seen so far plus a set of control variables such as 

occupation and marital status. 

 
By controlling for the set of variables mentioned above we realise that the results stay broadly the 

same: a light premium for migrant, a heavy penalty for women. Occupations and marital status seem 

to affect negatively the wage meanwhile religion gives a premium. Indeed as the variable relates the 

different categories of occupation from the better paid to the less paid (elementary occupations) we 

observe that the higher the value of this variable the smaller the wage. 

Concerning the correlation of an additional year of education or an additional year of experience the 

coefficient stay roughly the same among the four regressions, about 0.130 for year of education and 

0,065 for experience. All the coefficients relative to the last regression are highly significant at 1% 

level. 

  

                                                        
12 As the earning function is on the form of ln(y)=ln 𝑦 = 𝛽! + 𝛿! ⟺ 𝑦 = 𝑒!!!!. Then to get the percent return 
we evaluate regarding the situation where the dummy takes the value 0 thus we end up with the following 

expression !
!!!!!!!!

!!!
  =  𝑒!! − 1. 
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Table 3 Mincer equations in its simplest form 

 (1) (2) (3) (4) 
 

     
Migrants -0.086*** 0.034*** 0.012** 0.018*** 
 (0.005) (0.005) (0.005) (0.005) 
Female  -0.483*** -0.450*** -0.435*** 
  (0.005) (0.005) (0.005) 
Urban   0.262*** 0.228*** 
   (0.005) (0.005) 
Occupations    -0.037*** 
    (0.001) 
Religion     0.055*** 
    (0.002) 
Marital status     -0.077*** 
    (0.005) 
Years of education  0.157*** 0.148*** 0.138*** 0.127*** 
 (0.000) (0.000) (0.000) (0.001) 
Exper 0.067*** 0.063*** 0.063*** 0.065*** 
 (0.001) (0.001) (0.001) (0.001) 
Exper2 -0.001*** -0.001*** -0.001*** -0.001*** 
 (0.000) (0.000) (0.000) (0.000) 
Constant 3.289*** 3.454*** 3.379*** 3.540*** 
 (0.009) (0.009) (0.009) (0.017) 
     
Observations 222994 222994 222994 222994 
R-squared 0.365 0.388 0.396 0.401 
Year FE YES YES YES YES 
Note: Standard errors in parentheses. ***, ** and * indicate significance at the 1%, 5% and 10% levels respectively.  
All out regressions are run with year fixed effect. 

 
 

On table 4, we examine the same set of regressions as in table 3 but we control not only for year fixed 

effect but also for occupation fixed effect. From now on, we will control for year occupation fixed 

effects. 

The first feature that we can behold is that migration is insignificant under column (1). We also realise 

that regardless the regressions studied, the penalty for women remains as strong as in the previous 

table. Despite this fact, the premium for living in an urban area is slightly bigger than in table 3 and 

remains significant at 1% level. 

 

Notwithstanding, the coefficient of urban variable is indubitably positive regardless the regressions 

studied. We will try to be even more precise on this aspect, in section 4.2.2, where we will introduce 

interactions between the area of living, the migration status and the gender. 
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Table 4 Mincer equations augmented and controlled by year fixed effect 

 (1) (2) (3) (4) 
 

     
Migrants -0.108 0.003 -0.006 0.024*** 
 (0.066) (0.024) (0.026) (0.005) 
Female  -0.445*** -0.437*** -0.430*** 
  (0.090) (0.084) (0.005) 
Urban   0.179** 0.251*** 
   (0.070) (0.005) 
Religion     0.058*** 
    (0.002) 
Marital status     -0.085*** 
    (0.005) 
Years of education  0.134*** 0.124*** 0.121*** 0.139*** 
 (0.008) (0.011) (0.012) (0.000) 
Exper 0.063*** 0.060*** 0.059*** 0.068*** 
 (0.006) (0.006) (0.006) (0.001) 
Exper2 -0.001*** -0.001*** -0.001*** -0.001*** 
 (0.000) (0.000) (0.000) (0.000) 
Constant 3.454*** 3.619*** 3.553*** 3.165*** 
 (0.151) (0.157) (0.137) (0.012) 
     
Observations 222994 222994 222994 222994 
R-squared 0.364 0.387 0.395 0.399 
Year Occupation FE YES YES YES YES 
Note: Standard errors in parentheses. ***, ** and * indicate significance at the 1%, 5% and 10%levels respectively. All our 
regressions are run with year-occupation fixed effect. 
 
 

4.2.2 Interactions between migration, gender and urban area 
 

Table 5 provides a first taste of what is coming next. Indeed, we pushed the analysis a step further 

from table 4 by looking at the interactions between migrants and urban areas, migrants and gender, 

and the triple interaction between these variables. The following regressions fit about 40% of the data 

and are all controlled for year-occupation fixed effects. 

 

Column (1) describes the interaction between migrants and gender. We recover the positive coefficient 

of being a migrant on the log wage from column (4) of table 4 but we also realise that the association 

is magnified and still highly significant. The penalty of being women is still there but a bit attenuated 

and the premium of the urban variable remains strongly significant. Regarding the interaction between 

migrants and women we observe a feature that we found in figure 3 with the dash black line. Indeed, it 

seems that women, who migrate suffer form a penalty on the log wage by a coefficient of -0.148, all 

other thins being equal, which increases even more the penalty already present. 

 

On the second column we realise two things, the first is the weakened premium of being a migrant and 

a tougher penalty of being a women. The second is the positive coefficient of the interaction between 
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women and urban area, bringing a premium, which foster the premium of living in a city. Moreover all 

the coefficients of this regression are significant at 1% level. 

 

The regression in column (3) is even more captivating: it shows that being a migrant in a rural area has 

a negative correlation to income since the coefficient is -0.070, ceteris paribus, significant at 1% level. 

Moreover, the penalty for being a women and the premium of living in a city are both weakened. 

However, we realise that the interaction between the migrant and urban area variables is strongly 

significant and contribute to the premium with a value of 0.173. Here, we notice two features of 

figure1. The first being the penalty on income affecting rural migrants (the black dashed line). The 

second is about migrants in cities and individuals already living in urban areas, (the solid grey and 

dashed grey line respectively). 

 

Finally, in column (4) we analyse all the correlations of the interactions that we have seen so far plus 

we add a triple interaction between migrant, women and urban area. 

Interestingly, the coefficient for migrant is negative but not significant. We also recover the same 

feature that we have studied so far. A severe penalty hit women and a large premium favours those 

living in an urban area. Despite being significant at 1% level the magnitude of both coefficients is 

attenuated. As we have seen in column (1), the coefficient of the interaction between migrant and 

female remains negative. However, being a women and living in a city bring a premium but smaller 

than in column (2). We also recover the premium of migrant and urban interaction still highly 

significant and positive. 

Concerning the triple interaction about migrants women living in an urban area we realise that the 

coefficient is positive and significant at 5% level thus bringing a premium on the income of 0.054. 

 

Through these regressions, we realise that the coefficient relative to migrants is ambiguous. Being 

positive when we study the interaction with women but negative otherwise. All our regressions clearly 

show penalties for being a woman, and negative coefficients for the interactions between them and 

migration remind us figure 3 (columns (1) and (4)). On the contrary, migrants living in cities 

undoubtedly benefit from a premium, as we have seen in columns (3) and (4). 

Despite the fact of having carried analysis on gender urban area and migrant we did not study the kind 

of migration. Hence, in the next section we are going a step further in the analysis by introducing the 

reasons for migration and their interactions with the urban variable. 
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Table 5 Simple interaction and triple interaction between migrants gender and urban 

 (1) (2) (3) (4) 
     
     
Migrants  0.067*** 0.033*** -0.070*** -0.003 
 (0.006) (0.005) (0.007) (0.009) 
Female -0.358*** -0.479*** -0.406*** -0.380*** 
 (0.007) (0.007) (0.006) (0.010) 
Urban 0.242*** 0.224*** 0.190*** 0.186*** 
 (0.005) (0.005) (0.006) (0.006) 
Migrants   × Female -0.148***   -0.128*** 
 (0.010)   (0.015) 
Female    × Urban  0.116***  0.045*** 
  (0.010)  (0.015) 
Migrants × Urban   0.173*** 0.117*** 
   (0.009) (0.012) 
Migrants  × Female  × Urban    0.054** 
    (0.022) 

 
Observations 222994 222994 222994 222994 
R-squared 0.399 0.399 0.399 0.400 
Year- occupation FE YES YES YES YES 
Individual controls  YES YES YES YES 
Note: Standard errors in parentheses. ***, ** and * indicate significance at the 1%, 5% and 10%levels respectively. All our 
regressions are run with year-occupation fixed effect. All regressions include individual control variables: religion, marital 
status, years of education, experience and experience-squared. 
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4.2.3 Reasons for migration and correlations of occupations  
 

The analysis through the reasons for migration and their interactions 

 

Let’s turn to the analysis of the interactions by examining  the role of urban areas on the motivations 

for migration. To answer these questions, we ran four other regressions for simple interactions and one 

for triple interaction between migration reasons, gender and urban area ( respectively columns (1) to 

(3) and (4)) to determine the premia or the penalties for each reason for migration to urban areas. 

 

In one quick glance at tables 6, we realise that the coefficients concerning the reasons for migration in 

rural area are all significant at 1% level and negative but migration for working reason. Indeed 

migration for working reason is the only positive coefficient, regardless the regressions taken into 

account. 

Unsurprisingly, we recover the well-known associations of being a women and living in an urban area. 

The former being strongly negative whatever the regressions considered and the latter is in every case 

positive. Concerning the interactions between women and working reason we find ambiguous result. 

Under column (1), the regression relates a premium about 0.050 significant at 1%, whereas a penalty 

is observable under column (4). However, this last result is not significant. We also realise that the 

interaction between women and cities is bringing a premium about 0.095 under column (2) and 0.046, 

under column (4) when we consider the three-way interaction regression. Suggesting that living in a 

city allow alleviating the penalty-affecting women. Both coefficients are significant at 1%. 

 

When we focus on the interaction coefficients between the reasons for migration and the urban area 

(columns (3) and (4)) we appreciate that all the coefficients are positive, regardless of the reason for 

migration considered. These correlations suggest that urban areas bring a premium on incomes, 

whatever the motivation taken into consideration. Curiously, the category benefiting the most from 

this premium in the two regressions considered is the “other reason for migration” variable. We will 

try to assess this correlation more precisely when we will be studying the three-way interaction 

including the levels of skill. Almost all the interactions’ coefficients are significant at 1% level but for 

wedding reason, which is at 5%. 

 

Although being in opposition to figure 3, the three-way interaction coefficient seems to corroborate 

figure 1. Indeed it seems that even if women are suffering from a penalty, the fact of living in a urban 

area and migrate for working reason bring a premium of 0.150 significant at 1% level, ceteris paribus. 
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Table 6 Interaction between urban area and migrants for working reason 

 (1) (2) (3) (4) 
     
     
Working 0.127*** 0.136*** 0.099*** 0.105*** 
 (0.006) (0.006) (0.011) (0.012) 
Family -0.067*** -0.078*** -0.146*** -0.141*** 
 (0.014) (0.011) (0.018) (0.024) 
Wedding -0.143*** -0.098*** -0.161*** -0.186*** 
 (0.026) (0.009) (0.009) (0.032) 
Others -0.074*** -0.087*** -0.173*** -0.164*** 
 (0.012) (0.011) (0.016) (0.019) 
Female -0.361*** -0.404*** -0.357*** -0.382*** 
 (0.007) (0.008) (0.006) (0.010) 
Urban 0.230*** 0.209*** 0.196*** 0.188*** 
 (0.005) (0.005) (0.006) (0.006) 
Working × Female 0.050**   -0.049 
 (0.020)   (0.032) 
Female × Urban  0.095***  0.046*** 
  (0.011)  (0.015) 
Working × Urban   0.056*** 0.044*** 
   (0.013) (0.014) 
Family ×  Urban   0.116*** 0.121*** 
   (0.023) (0.029) 
Wedding × Urban   0.173*** 0.118** 
   (0.017) (0.056) 
Others × Urban   0.161*** 0.165*** 
   (0.022) (0.025) 
Working × Female ×  Urban    0.150*** 
    (0.041) 

 
Observations 222994 222994 222994 222994 
R-squared 0.401 0.401 0.401 0.402 
Year- occupation FE YES YES YES YES 
Individual controls  YES YES YES YES 
Note: Standard errors in parentheses. ***, ** and * indicate significance at the 1%, 5% and 10%levels respectively. All our 
regressions are run with year-occupation fixed effect. The reference category is non-migrant for the reason for migration. We 
represented only the interaction of interest, which are significant. All regressions include individual control variables: 
religion, marital status, years of education, experience and experience-squared. 
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Theses interactions allow us to enhance the presence of a premium for living in an urban area on the 

log wage. Indeed it seems to go along with the stylized fact that we represent in figure 1, with the grey 

dashed curve, that migrant living in cities enjoyed better remuneration. Despite not being significant 

the reason for migration we recover also the penalty-affecting women who migrated. 
 
 
The analysis through the occupations and their interactions with working migrants 

 

Hitherto, we compared the associations of being a migrant and the coefficient of living in urban area. 

Then we continue our analysis trying to assess the association of interactions, first on migrant and the 

area of living and after on the reasons for migration. However, skills have not been formally studied 

yet. Hence in this section, we will enrich our regression by adding an extra interaction term with 

different levels of skill. 

 

Let’s begin our analysis by looking at the variable without any interactions. As in the previous table, 

all coefficients associated with reasons for migration but working reason are negative and have about 

the same magnitude thus we decided to show only this category, on table 7 below. We observe that 

being a migrant for working reason give a premium for the simple interaction regressions, columns (1) 

to (3) but shows a negative coefficient of -0.040 significant at 5% level concerning the three-way 

interaction. Regarding the levels of skill, we unsurprisingly observe that all the coefficients bring a 

very high premium for highly skilled agents. As a reminder this category described in section 3, 

contains legislators, professionals charged of producing knowledge and technicians in specific fields. 

 

A premium is also noticeable for intermediate skilled agent (machine operators, skilled agricultural, 

market sales workers finally clerks) but is not as strong as the previous category. We also retrieve the 

premium concerning urban discussed all along the tables seen so far. We decide not to represent it on 

the table but the penalty relative to women is also present. 

Curiously, when we analyse interactions between some the most relevant reasons for migration in 

rural area and skills levels, we realise that the interactions’ coefficients between high skilled and 

working migrant are neither positive nor significant, columns (1) and (4). This result suggests that 

highly skilled worker suffer from a penalty if they migrate to a rural area. However when we carry our 

attention on the interaction of this very category with the intermediate skills, we appreciate a positive 

coefficient of 0.073 and 0.199 significant at 1% level, ceteris paribus. Despite the insignificant 

coefficient relative to the interaction of high skills and working reasons, we have to keep in mind that 
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the interpretation of interaction is not only about reading the coefficient but is rather a matter of sum 

of coefficients.13  

Interestingly, the coefficients between wedding reason for migration in rural area and the levels of 

skill show reverse results, higher skills migrant seem to benefit from larger premium than intermediate 

skills one, which coefficients of the interaction are negative.14 

While coefficients concerning the interactions between the  “other reasons for migration” variable  and 

the levels of skill are positives in any case, all the correlations discussed in this paragraph are 

significant at least at 5% level. 

Regarding the interactions between reasons for migration and urban area we notice very close results 

to those found in table 6. All the coefficients are significant at 1% level, regardless the reasons 

considered in column (3). However the correlations are not so sharp concerning the three-way 

interaction regression, column (4). Indeed only working and family reasons are positive and 

significant. 

 

The analysis of the interaction between the levels of skill and the urban area gives unexpected results, 

we would have expected the interactions coefficients to foster the premium on the income but we 

rather observe the opposite with highly negative coefficients in column (3) and even more severe 

concerning column (4)15. A possible explanation of these negatives coefficients could be the fierce 

competition among worker in cities that would decrease the income but this phenomenon would rather 

affect low skilled worker rather than highly skilled ones. 

Finally, we  carried out the analysis on three-way interaction. Increasing the number of interaction 

complicates the interpretations not only because of the variables themselves but also all the simple 

interactions between them must be taken into account to assess the impact correctly . Hence, we will 

only comment on the magnitude and the significance of these triple interactions. We would have 

expected the coefficient concerning the interaction between working reason, urban area and skills to 

be positive but we get instead a coefficient about -0.180 for the relation relative to intermediate skill, 

significant at 1%, ceteris paribus, while the interaction with high skills is not significant. 

Concerning the correlations relative to wedding interaction and other reasons interaction. The former 

shows expected positive coefficients of 0.264 and 0.381 for both high and intermediate skill 

respectively, while the latter shows a coefficient of 0.253 regarding the intermediate skill. All these 

coefficients are significant at 1% level, all other things being equal 

                                                        
13. Indeed to catch the correct association we should sum the coefficients of the working reason for migration 
and high skill variables plus the interaction between the two. Hence, we realise that the interaction does not bring 
any additional value to the addition since is not significant. Concerning the regression under column (1) the 
relation will bring a premium of 0.212 (0.077+0.135) 
14 For column (1) the value of the premium would be 0.478 (-0.177+0.320+0.275) for the relation regarding the 
interaction with high skills and -0.122 (-0.177+0.135-0.100) for intermediate skills. 
15 The premium for the relation between high skills and urban is 0.511 and 0.496, respectively for column (3) 
and (4), while those for intermediates are 0.350 and 316 respectively for column (3) and (4). 
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Table 7 Interactions between migrant for working reason and occupations 

 (1) (2) (3) (4) 
     
     
Working 0.077*** 0.055*** 0.107*** -0.040** 
 (0.012) (0.011) (0.006) (0.017) 
Wedding -0.117*** -0.154*** -0.106*** -0.115*** 
 (0.009) (0.009) (0.008) (0.010) 
Others -0.223*** -0.189*** -0.100*** -0.244*** 
 (0.018) (0.016) (0.011) (0.021) 
High skills 0.320*** 0.331*** 0.418*** 0.471*** 
 (0.010) (0.009) (0.013) (0.016) 
Intermediate skills 0.135*** 0.152*** 0.179*** 0.192*** 
 (0.006) (0.006) (0.007) (0.009) 
Urban 0.194*** 0.154*** 0.258*** 0.238*** 
 (0.005) (0.006) (0.008) (0.010) 
Working × High skills -0.010   -0.048 
 (0.018)   (0.031) 
Working × Intermediate skills 0.073***   0.199*** 
 (0.014)   (0.025) 
Wedding × High skills 0.275***   0.085** 
 (0.026)   (0.040) 
Wedding × Intermediate skills -0.110***   -0.279*** 
 (0.018)   (0.022) 
Others × High skills 0.192***   -0.020 
 (0.031)   (0.053) 
Others × Intermediate skills 0.191***   0.132*** 
 (0.024)   (0.034) 
Working × Urban  0.087***  0.185*** 
  (0.013)  (0.024) 
Family ×  Urban  0.125***  0.110*** 
  (0.023)  (0.038) 
Wedding × Urban  0.176***  0.005 
  (0.017)  (0.024) 
Others × Urban  0.169***  0.060 
  (0.021)  (0.041) 
High skills × Urban   -0.165*** -0.240*** 
   (0.015) (0.020) 
Intermediate skills  × Urban   -0.087*** -0.114*** 
   (0.010) (0.013) 
Working  × High skills × Urban    0.029 
    (0.038) 
Working × Intermediate skills ×  Urban    -0.184*** 

(0.032) 
Wedding × High skills ×Urban    0.264*** 
    (0.056) 
Wedding ×  Intermediate skills × Urban    0.381*** 

(0.040) 

Others ×  High skills × Urban    0.253*** 
(0.070) 

     
Observations 222734 222734 222734 222734 
R-squared 0.406 0.405 0.405 0.407 
Year- occupation FE YES YES YES YES 
Individual controls  YES YES YES YES 

Note: Standard errors in parentheses. ***, ** and * indicate significance at the 1%, 5% and 10%levels respectively. All our 
regressions are run with year-occupation fixed effect. The reference category is non-migrant for the reason for migration. And low 
skills for the levels of skill. We represented only the interaction of interest thus we take out experience squared gender religion 
and marital status being similar to what we had in the previous table. All regressions include individual control variables: religion, 
marital status, years of education, experience and experience-squared. 
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5.  Concluding remarks and discussion  
 

In this section we will review our results; then we will present some of the study’s limitations and 

discuss some aspects of urban economics related to migrations through the lens of recent literature. A 

general remark that we want to emphasize is that all the results being presented do not aim to identify 

causality between the explanatory variable and the income of migrants, but rather to give insight on 

the relation among theses variables. 

Our first finding concerns the premium of urban-benefiting male migrants, regardless of their reasons 

for migration. We found by employing two different methods. On the one hand descriptive statistics 

outlined what migration looks like for men, as shown in figures 1, 3 and 4. Indeed, figure 1 seems to 

favour migrating toward urban areas, while figure 3 seems to support men’s migration. On the other 

hand, the applications of Mincer equations allowed us to quantify different premia. Table 6 provides 

early insight on the premium the variable is analysed without considering any interactions. At first 

glance, working reasons appear to be the sole reasons offering a premium when the migration occurs 

towards rural areas. 

However, a study of the interactions between the reasons for migration urban areas yields the expected 

results, since the coefficients are not only positive but also highly significant. Among all the 

motivations for migration, “other reasons” are the ones which present the highest positive coefficient. 

Even if these relations concerning simple interactions are covered in table 7, three-way interaction 

shows the evidence is not as clear as in the previous table suggests, since both wedding and other 

reasons for migration show positive coefficients. 

 

Having assessed the evidence on male migration, we moved on to its corollary, the examination of the 

correlations of urban variables through the same methodology. Hence, our second finding sheds light 

on women’s migration. Despite suffering from their gender status, migrations toward cities seem to 

alleviate the penalty on women’s income. Figure 3 shows that female migrants suffered from a penalty 

compared to their counterparts who did not migrate. However, this figure should be completed by 

other information, since it does not give any context about migration to urban areas. What can be said 

is that women are worse off when they migrate. (Table 5 shows the penalty which affects women. ) 

Furthermore, this negative link is exacerbated when examining the interaction between the status of 

migration and women in columns (1) and (4). In spite of this, three-way interactions coefficients 

between migration, women and urban area seem to show some evidence of a premium alleviating this 

penalty. A similar observation can be made about column (4) of table 6, which examines the different 

reasons for migration. 
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The last result that we expected to find was an important premium on income brought by migrant skill 

level, especially in cities. This finding is assessed in the very last table of section 4, through 

regressions concerning migration and levels of skill, using low skills as a reference category 

(according to the distribution of occupation that we detailed in section 3). Unsurprisingly, higher skill 

level variables are linked to a very large premium regardless of the regression. 

However, on the simple interactions between migrants’ motivation and skills level, the results are 

mixed. The striking findings that we have to stress from these simple interactions are the ones 

concerning wedding and other reasons for migration because they present the expected correlations. 

 

Regarding the triple interactions among the reasons for migration, urban areas and skills, we expected 

high and positive coefficients on the income for working reasons, but we observe the opposite, since 

heavy penalties deeply affect migrants for professional reasons. (column (3) and (4) of table 7.) 

Surprisingly, we also recover a large premium for wedding and other migrations on the triple 

interaction. The former finds explanations in literature. Indeed, Shanti (2006) explains that upper class 

women migrated to urban areas to improve their education or to find suitable employment, hence, 

raising the likelihood to have a better marriage and expect social advancement. The premium that we 

capture might be the reflection of this explanation. One interpretation of the positive coefficients 

for  the “other reason” category is that since it is mainly composed of migrants who move for 

education reasons and that this type of migrant is likely to move to more developed states, benefit 

from higher quality education and infrastructure, they benefit from higher future income 

(Chandrasekhar and Sharma (2014)). 

An alternative explanation could be one given by Khan (2016). The article assesses that migrants with 

technical educations earn high incomes than their counterparts without technical education and this 

might be due to a better ability of migrants to acquire skills at destination. 

 

Through all theses analyses carried on table 7, migrations reason and urban variables seem to be the 

driver than the premium are brought rather by the migration and urban variable than by the levels of 

skill concerning working reason for the three-way interaction. Indeed, observations relative to simple 

interactions corroborate figure 1 where the premium for migrant living in urban area is triggered by 

the urban variable. 

Decomposing the migration variable by reasons for migration allows us to have a clearer view at least 

for simple interaction between migrant and levels of skill. Concerning the triple interaction, the 

correlations are blurrier because of the penalty affecting working migrant while other migrants seem to 

enjoy a premium. 
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5.1 Limitations  

An important limitation of our study is a bias toward endogeneity, even though a set of independent 

variables was used to explain the income differences between migrants and non-migrants as an 

attempt to correct for this bias. However reverse causality can also be a source of bias: are decisions to 

migrate made because of the prospect of higher income, or does higher income allow migrants to 

decide whether to migrate or not? The use of the instrumental variables method might also be a 

solution as long as the instruments are uncorrelated with other latent variables and succeed in breaking 

the endogeneity without generating other problems. (Card, D., 1999: 1819-1822). 

Selection effect impacts our results as well, as by focussing only on remunerated and active agents, we 

exclude from our sample every agent working but not being paid along with individuals who get paid 

without working. Furthermore, migrants are a very specific group of people who choose to migrate 

according to observable and non-observable characteristics. As Khan (2016) explains, wage 

regressions usually present selection bias, since comparing the coefficients of migrants and non-

migrants workers makes clear that migration decisions are not a random process 

Our datasets for the years 1983, 1987 and 1999 were not able to distinguish between permanent and 

temporary migration. Since it has been established that temporary migration is seven times more 

common than permanent migration (Keshri and Bhagat (2013)), our inability to segregate the two also 

constitutes a limitation to our study. Important progress has been made on more recent surveys such as 

the one carried out by the National Family Health Surveys in 2005-2006 (NFHS-3) including a 

specific question on time spans for continuously living in the same place of residence (Bhagat (2010). 

In the future, such progress will allow more precise analysis of the reasons for migration. 
 

 5.2 Related field and further research  
 

Rural to urban migration captures most of our attention because it embodies important transformations 

of the structure of developing economies, as they pass from primarily agricultural activities to being 

dominated by industry and services. When any development process occurs, congestion effects are 

expected, triggering pressure on social services in the cities and downward pressure in wages on the 

labour market (Lucas (2015)). Contrary to China, where a permit system (hukou) restricts residence in 

urban areas (Hering and Poncet (2010)), Indian citizens enjoy freedom of movement.  

Out of the scope of India, but more generally in urban economics, research has been carried out to 

assess the sorting of migrants toward cities; this not only for the most skilled, but also the least skilled 

individuals, which are to a certain extent observably complementary (Eeckhout et al. 2014 and 

Behrens et al. 2014). De la Roca (2011) examines the effects of cities on migration and explains that 

migrants might return to their previous destination if they miscalculated the benefit that they could 

gain. By the same token, De la Roca et al. (2014) explains that migration is also a sorting process 
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according to the ability of migrants, who migrate to bigger cities if they believe that they would have 

greater benefit than in smaller cities. Despite being essentially focused on urban to urban migration the 

aforementioned research might also be carried out in India in the near future, provided that the 

upgrade of the databases continues. 

 

5.3 Conclusion  
 
This paper presents new evidence on the relationships between the reasons for migration toward urban 

areas and income in India, casting light on the reasons for migration. Indeed cities confer a premium to 

migrants, which not only differs a lot depending on the reason for migration but also allows a 

particular alleviation of discrimination against women. 

A two-step approach was used to determine the benefits or penalties of migration. The study turned 

first to descriptive analyses based on the distributions of wages between migrants and non-migrants 

and between women and men. Then the analysis was complemented by Mincer equations evaluating 

the impact of migration on income. These equations were then progressively supplemented by 

additional variables and interactions.  

The main findings are in line with literature results. Urban areas benefit unambiguously to male 

migrants regardless of the reasons taken into account. However, when the regressions become more 

complex the correlations are not so clear especially concerning individuals migrating to urban areas 

for work reasons. Nonetheless, the premium seems to be reinforced for wedding and other reasons for 

migration (mainly education). Despite being counter-intuitive, these results find explanations in the 

literature. Furthermore, we found heavy penalties affecting female migrants, but migration toward 

cities seem to lessen them. 

A novelty of this study is the attempt to link two threads of the literature: Khan’s (2016) article 

examining the wage differential between migrants and non-migrants and the more qualitative Bhagat 

(2010) article focused on features of the reasons for migration in India. 
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Appendix 
 
 

Table A.1 Shares of reason for migration regarding the non remunerated agents 

 
Non-migrant Working Family Wedding Others 

        

       Male 89.75 4.57 2.07 0.68 2.93 282467 
Female 43.67 0.93 3.12 50.29 1.98 95326 
       
Observations 

     
377793 

Note: the table shows the percentage by row of the non-remunerated active agent by gender. 
 
 

 
 

Table A.2 Wage distribution statistics by area of living 

  
mean median skewness kurtosis obs. 

Rural non-migrants 4.6098 4.6151 0.2195 2.7062 74203 
Rural migrants 4.3789 4.2627 0.4551 3.3184 38081 
Urban non-migrants 5.3180 5.3033 0.0046 3.1449 65315 
Urban migrants 5.5114 5.4848 -0.0084 3.0131 45395 

 
 
 
 

Table A.3.1 Two-sample Kolmogorov-Smirnov test for equality of distribution between rural and urban area 

Rural D P-value Urban 
  Non-migrants: 0.0037 0.499 Non-migrants: 0.0676 0 

Migrants: -0.1032 0.000 Migrants: -0.0001 0.999 
Combined K-S: 0.1032 0.000 Combined K-S: 0.0676 0 
Note: the table shows the outcome of the Kolmogorov.Smirnov test. The result of interest is the third  
line we realise that in any case we reject the null supposing that the distribution are equal 

 
 

 
 
 
Table A.3.2 Two-sample Kolmogorov-Smirnov test for equality of distribution between genders 

 

Male D P-value Female D P-value 
Non-migrants: 0.145 0 Non-migrants: 0.0006 0.989 
Migrants: -0.0002 0.998 Migrants: -0.0837 0 

Combined K-S: 0.145 0 Combined K-S: 0.0837 0 
Note: the table shows the outcome of the Kolmogorov.Smirnov test. The result of interest is the third  
line we realise that in any case we reject the null supposing that the distributions are equal 
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Table A.4 Wage distribution statistics by gender 

 
mean median skewness kurtosis obs. 

Women non-migrants 4.444904 4.382027 0.3587239 2.835854 22885 
Women migrants 4.262368 4.077538 0.6174455 3.49315 33159 
Men non-migrants 5.038748 5.081404 0.0970934 2.849246 116633 
Men migrants 5.477469 5.442418 0.0947756 3.043624 50317 

 
 
 
 
 
 

Table A.5 Years of schooling versus year proxy 

 (1) (2) 
 1983 1983 
   
Year of education as the highest grade completed 0.137***  
 (0.001)  
exper 0.056***  
 (0.001)  
exper2 -0.001***  
 (0.000)  
Years of schooling  0.134*** 
  (0.001) 
experbis  0.059*** 
  (0.001) 
experbis2  -0.001*** 
  (0.000) 
Constant 2.816*** 2.751*** 
 (0.011) (0.010) 
   
Observations 87061 87061 
R-squared 0.415 0.426 

Note: Standard errors in parentheses. ***, ** and * indicate significance at the 1%, 5%  
and 10% levels respectively. Both regressions are run with the data concerning 1983 

 
 


