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1. Introduction

In a world where consumers are increasingly turning to e-commerce, new issues are emerging. E-
commerce, or online retailing, is the term used to describe the purchasing and selling of goods
and services via the internet (Pagano et al., 2024). Buying from a distance offers major advantages
for both consumer and retailer, such as simplicity, accessibility and speed, but consumers have to
base their purchasing decisions exclusively on images and information provided by the retailer. To
compensate for this disadvantage, retailers usually offer to the consumers the option of returning

products that are unsuitable, with a total refund at no extra cost (Janakiraman et al., 2016).

But those returns come at a price: In 2022, the predicted $1.29 trillion in U.S. online retail sales
included $212 billion in returned goods, or 16.4% of total sales (Amorim et al., 2023). According
to Navar (2023), a post-purchase platform, businesses pay in average $33 for each return taking
into consideration labour costs, missed sales windows, postage, packaging, and value reduction.
On the other hand, product returns have a significant detrimental impact on the environment
(Calma, 2019). Through their carbon dioxide emissions and additional garbage, product returns
add to environmental pollution and contribute to climate change (Tian & Sarkis, 2022). Over five
billion pounds of returned goods and packaging wind up in landfills each year in the United States
and, due to the transportation of returns produce over 15 million additional metric tons of carbon

dioxide (Calma, 2019).

As a result, companies are becoming increasingly wary of this free returns policy and are starting
to implement "keep it" policies by imposing return charges on consumers (Baertlein & McLymore,
2023). But we will see later that this solution is not necessarily satisfactory for retailers. The
challenge of product returns from e-commerce represents a huge challenge for companies from
a financial point of view, and for society in general in terms of greenhouse gas emissions. This is
why trying to reduce the propensity of consumers to reduce their returns is so important. The aim
of this thesis is to find a way of reducing the return rate of e-retailers without altering the return
policy leniency. To do this, we will extend the literature on green nudges that reduce the rate of
return, which are currently largely understudied, by testing the effectiveness of 2 different types
of nudges and by testing a moderating variable and a mediating variable to understand how they

work.



2. Literature review

2.1. Product return

2.1.1 Definition

The Cambridge dictionary describes product return as “a situation in which a buyer does not
want a product and returns it to the company to get their money back”. Product returns (PR)
are a necessary but expensive procedure for a company, particularly in e-commerce.
Practitioners and researchers alike have focused a considerable deal of effort on how to
handle the conundrums (Duong, 2022). To put this concept into a broader context, Chircu &
Mahajan (2006) define the retail transaction as a series of processes that include entering the
store, looking around, deciding what to buy, placing an order, paying for it, having it filled, and
receiving after-sale support. Each of these stages comes with a price, a time cost (waiting time,
delivery time), a monetary cost (taxes, credit charges, etc.), or a psychological cost

(convenience, aggravation, perceived ease of use, annoyance, etc.).

At each stage of the process, managerial choices about the return policy and several other
operational factors may have an impact on how customers behave. Pre-purchase, post-
purchase, and post-return decisions and activities must be managed separately from the
retailer's perspective (Abdulla et al., 2019). Before a customer makes a purchase, the retailer
must create a return policy, offer information, establish price, and carry out all other
operational planning tasks required for successful retail execution. Naturally, the performance
of retailers also persists in the context of post-sale services, such as customer relationship
management, warranty assistance, and physical processing of returned goods. Four broad and
interconnected study domains—return policy (RP), consumer behaviour (CB), planning and
execution (PE), and return management (RM)—emerge when viewed collectively from the
customer and retailer viewpoints. (Abdulla et al., 2019) These four domains work together to
create a conceptual framework that can categorize research contributions in the consumer
returns area in a meaningful way.

e Return policies are characterized by their leniency, which relates to how simple and

convenient it is for customers to make returns.
e The domain of return management covers the efficient and effective gathering,

processing, and disposition of returns. Return policy decisions are likely to be



influenced by a retailer's return management infrastructure and practices, and vice
versa. (Abdulla et al., 2019)

The consumer behaviour domain specifically takes the consumer's decision-making
process into account when it comes to sales and refunds.

The planning and execution domain captures how returns affect supply chain

management and forward logistics. (Abdulla et al., 2019)

In this thesis, we will only focus on the return policies and the consumer behaviour because it

is complicated to analyse all 4 aspects of the literature on product returns, which is so

extensive. As the aim of this dissertation is to find a way of persuading consumers not to return

products, only the two areas mentioned seem to be concerned.

2.1.2. Return policies

According to Janakiraman et al. (2016), five factors can be used to categorize return policies

as lenient or restrictive:

1.

Time leniency. Retailers frequently include deadlines in their return policies (such as a
30-day period). Return policies that give customers more time to return goods are
thought to be more lenient.

Monetary leniency. While tight return policies only allow for a percentage of the
purchase price to be refunded—typically by imposing a non-refundable "shipping and
handling fee" or a "restocking fee" —lenient policies allow for a reimbursement of the
whole amount paid for the product. Financially-neutral policies are thought to be more
permissive.

Effort leniency. The amount of work that customers must put in to complete returns
varies, and some retailers make it more difficult for customers to return goods (by, for
example, demanding that the original product packing, receipt, or tags be kept). Return
policies that are less demanding on the customer are regarded as being more forgiving.
Scope leniency. Retailers restrict what they deem to be "return-worthy." For instance,
goods bought during a sale might not be returnable. More items that qualify as
"return-worthy" returns are covered by more permissive return policies.

Exchange leniency. While some companies just give cash back, others will replace the
returned item for store credit or another product. Refunds in cash are permitted under

more permissive return conditions.



In their paper Janakiraman et al. (2016) tried to see what effect these 5 factors had on
consumers' purchase attention and on the return attention of these same products. According
to them, companies need to create more complex policies that vary along multiple dimensions
and that take account of the objective. For example, if they want to increase turnover, they
need to focus on monetary leniency or effort leniency. On the other hand, if the objective is
simply to reduce returns, then time leniency, scope leniency and exchange leniency are the

ones to focus on.

2.1.3. Determinants of product returns

The choice between these different returns policies are decisions taken by the company, but
it does not explain the consumer's choice to return a product when they have the opportunity
to do so. Researchers put forward different reasons to explain this choice, depending on their
research angle. Various studies on the subject have adopted different ways of categorizing

these reasons.

Driving forces

In Von Zahn et al. (2022), researchers have distinguished between legitimate, opportunistic,
and fraudulent product returns as the driving forces behind return decisions (Pei and Paswan
2018). Fraudulent returns do not adhere to the retailer's legal guidelines, they consist of
returning goods that have been damaged by consumers or that have been stolen (Zhang et
al., 2023). The number of fraudulent returns has risen sharply in recent years, and it is very
difficult to combat them (Baertlein & McLymore, 2023). Opportunistic returns and legitimate
returns both adhere to the return policies of the shops, although they differ from one another
significantly. In the legitimate returns, customers had a sincere desire to keep the items when
they initially ordered the rightfully returned goods. Opportunistic returns, on the other hand,
constitute 4% to 6% of returns in 2015 and involve ordered goods with a pre-made intention
to return, such as when clients bracket and order the same item in many sizes even if they
know they will only keep one of them (Altug et al., 2021). Legitimate returns make up most
returns. As proof, clothing has the highest average return rate of any online item (26%), closely
followed by other accessories (13%), bags & accessories (19%), and shoes (18%). The sizing

may run small or large, and online buyers may not always be able to determine whether the



color and style listed in the product descriptions really represent the actual item (Trapnell,

2023).

The original motivation for the purchase may also have an impact on the propensity to make
a return. When purchases are motivated by hedonism, unplanned purchases (as opposed to
planned purchases) result in higher probability of return. On the other hand, when purchases
are motivated by utilitarian considerations, planned and unplanned purchases produce similar
levels of concern and probability of return. Nevertheless, the returns policy moderates this
two-way interaction: when a lenient return policy is proposed by the retailer and highlighted,
the purchase plan and purchase motivations no longer interact to influence purchase

intentions (Seo et al., 2015).

Taxonomy of return reasons

In their qualitative study of online return behaviour of young consumers, Das & Kunja (2024)
identified 7 reasons influencing the decision of returning a product bought online by young
consumers. These reasons are categorized into two distinct groups depending on if they are
controlled by the selling company or by the customer. The company-centric reasons are;
unsuitable product, compromised delivery, manipulated information and deceptive
advertisement. The consumer-centric reasons are; the buyer’s spontaneity, the buyer’s regret
and wardrobing. The latter can be described as form of fraud in which an item is purchased
and then returned to the shop after being used in order to obtain a refund and refers to the

fraudulent return in Von Zahn et al. (2022).

Other determinants
Customer characteristics also influence the number of product returns. Liberman & Trope

(1998) found that, in various consumer choice situations, people rated a service's feasible
attributes—such as delivery method, costs, etc.—as extremely relevant elements, showing a
concrete thinking. With a larger time span, people, however, have a propensity to concentrate
more on abstract desirable traits. This suggests that customers who have high time leniency

may concentrate more on product fit and experience benefits, which could lead to a different



post-purchase outcome than those who have low time leniency, who would concentrate more

on factors like product price and return effort.

This dimension of time is also underlined by Wood who gives the endowment effect as
another reason for product return. The endowment effect, where one appreciates what they
currently own more than what they do not yet own, is a fascinating phenomenon explored by
prospect theory. A longer return window should improve a customer's valuation of a product
and lead to a decreased chance of returns, according to the endowment effect in the context

of time leniency (Wood, 2001).

From another perspective, in the specific case of e-commerce live-broadcasts, Huang (2023)
has established a causal link between the quality of the return service (long return time, low
effort and high refund guarantee) and the e-commerce return rate. This empirically proven
link can be summarized as follows: “E-commerce return and exchange service improves e-
commerce purchase rate, e-commerce purchase rate increases e-commerce return rate, and

e-commerce return and exchange service improves e-commerce return rate” (Huang, 2023).

Driving forces

e |legitimate
e Opportunistic
e Fraudent

Motivation of the purchase

* Hedonism —

e Utilitarian I
e Planned _| Higher return rate
* Unplanned i

Endowment effect

e High time leniency
* Low time leniency

Purchase rate

e High purchase rate
® Low purchase rate

Figure 1: Reason of high return rate



2.1.4. Product return reduction

From the exclusive perspective of discouraging product returns, Walsh & Mohring (2017)

propose 3 main categories of tools (2 of which are linked to the leniency of the return policy):

monetary, procedural, and customer-based.

Monetary mechanisms, like discounts on future purchases, are not necessarily a good
approach to lower the return rate because beside encouraging the purchasing act by
signalling the quality of the product, it makes people buy more because of a low
perceive risk according to Walsh & Mohring (2017). As people are more likely to buy
without considering the consequences of the purchase, they are more likely to regret
their choice and to return the product. This category of tool corresponds to the
monetary leniency factor explained above.

Procedural instruments focus on the post-purchase phases and persuade customers
to keep a product by improving the ordering and shipping processes. For example,
attractive packaging and extras can make customers having positive emotion, which in
turn lowers the likelihood that they will actually return items. Alternatively, by limiting
the number of possible return channels or requiring customers to "print yourself"
return tickets, retailers can also make the return process less convenient. The time
leniency and effort leniency can reflect this particular tool.

Customer-based tools, on the other hand, function both before and during the
purchase phase. When there is a significant discrepancy between customer
expectations and actual product attributes, customers are more likely to return things.
As a result, many customer-based instruments currently in use operate under the
assumption that knowing more about a product's attributes will help people have
more accurate expectations of it, which will lower legitimate and profitable returns
related to expectancy-reality dissonances. Virtual try-on sessions, alternate product
images, customer feedback, and online consultation assistance or demonstrations are
frequently suggested consumer-based tools . In their paper, Walsh & Mohring (2017)

find that using product review can lower the return rate from 5,7% to 3,8%. This



proposed tool does not really involve return policy per se. Here it is more a question
of the customer's satisfaction on receiving the product and not really the way in which

they are entitled to return it.

For the moment, the majority of studies aimed at reducing the number of returns produced
focus on the leniency of the return policy (Shang et al., 2018). Whether or not a generous
product return policy is justified is a subject that divides researchers. Some believe that an
overly generous policy increases the quantity of returns more than it increases sales, thereby
reducing profit. Others, on the other hand, believe that sales increase more than returns, thus
boosting profits. As the various scientific papers do not agree on this point, it is difficult to give

a clear answer.

According to the analysis of Janakiraman et al. (2016), return policies with greater tolerance
towards money and/or effort are likely to boost customer purchases, which in turn is likely to
stimulate demand. Retailers should pay more attention to other factors, such as return policy
deadlines, exchange leniency, and/or scope leniency, when reducing returns is the top priority
because those are the most influent factors in terms of return proclivity.This implies that lax
return policies help retailers generally, because the raise of profits made by the increase of
the sales is more important than the increase of the product returns.

Another statement of Janakiraman et al. (2016) is that rather than enacting a uniform return
policy for every item in the store, distinct return policies should be developed for each
category of products sold there, as evidenced by the finding that lenient return policies
significantly increase purchases of durable products compared to non-durable products. For
example, the time leniency lever could be investigated in a situation with several product
categories, where the goal is to create an optimization framework to choose the best return
policy portfolio by giving different product categories discretized return time windows. By
demonstrating category-level variability in return timing, Shang et al. (2018) also examine the
possible advantages of a portfolio of category-based return policies with different time
leniency. Retailers might be better benefited by developing more complex return policies that
vary along numerous dimensions as opposed to simple return policies that vary along only one

or two dimensions, given the various influences of the leniency variables.



Conversely, Altug et al. (2016) try to show that a full-refund equilibrium is optimal by changing
a number of important modelling assumptions. According to them, lenient return policies are
not the best option and for instance, partial refund policies are recommended in many studies
since full refunds are too generous and can expose a retailer to expensive opportunistic
behaviour. Partial reimbursements are preferable, according to Altug et al. (2016), even when
opportunism is not taken into account. However, in reality, the majority of retailers give full
refunds for at least a while after a customer makes a purchase. As stated by Altug et al. (2016),
the potential negative consequences of adopting a partial refund policy instead of a long-
standing full refund policy could be one reason why big retailers continue to maintain full
return policies. In fact, a lot of merchants appear to be aware that having overly lax return
policies hurts their bottom line yet nonetheless include them as a key component of their
value proposition. In practice, retailers may choose for a less-than-ideal policy due to strategic
or competitive factors. According to empirical study, customers have a very negative
perception of partial refund policies, which may reduce their good behavioural intentions and
outcomes (Pei et al., 2014). Furthermore, there is a lot of anecdotal evidence to support a shift
in consumers' attitudes away from merchants who impose restrictions on formerly tolerant

practices or demand restocking fees.

Despite this, more and more e-commerce players are adopting a "returnless" or "keep it"
policy for products whose value does not exceed the cost of a return for the company.
According to a survey of 500 retail executives, the number of companies with such a policy

has risen from 26% in 2022 to 59% in 2023. (Baertlein & McLymore, 2023)

In addition to the return policy studies explained above (Janakiraman et al., 2016; Altug et al.,
2016; Shang et al., 2018), table 1 summarize a few studies with the same scope. While various
return policies have already been studied extensively in order to reduce returns, we can see
that the results are not consistent with each other. Some conclude that a lenient policy is
profitable for the retailer, while others conclude that a restrictive policy is profitable for the
retailer. A general truth cannot be established because the profitability of return policy
choices depends too much on the specific context of each company (products, costs,

reputation, etc.) (Abdulla et al., 2019).

Therefore, we could imagine that there are other solutions not based on the leniency of the

return policy that could achieve the same objective. To solve this problem with more subtle
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instruments, we can call on a recently created tool called nudge that enables us to influence

an influencer's decisions without significantly changing the product and the associated offer.

Table 1: Summary of papers studying return policy leniency

Authors Dimension Studies Findings
Janakiraman & Time and Examine the effect of Extended expiration dates enhance the
Orddénez (2012) effort deadlines on product return endowment effect of products and cause
leniency considering the effort. consumers to put off or postpone return choices.
Thus, longer deadlines may lead to lower return
rates because the cost of the item feels less
severe to the consumer, over time, and is
therefore less of a motivation to return an item.
Petersen & Scope Examine the link between There is a stronger rise in purchases as a result of
Kumar (2010) leniency product returns, return lenient return policies than in terms of return
leniency and profits. rates. This implies that return policies help
retailers generally, at least in terms of promoting
product purchases.
Bower & Monetary Examine if a return policy Retailers need to have a free returns policy,
Maxham (2012)  leniency where the customer pays to because when returns have to be paid for,
return the product if heisat customers stop buying from them.
fault can be benefic.
Shulman, Monetary Examine the effect of Lower return penalty increases the expected
Coughlan, & leniency restocking penalties utility of initially making a purchase
Savaskan (2010)
Kim & Time, Examine how customers' When there is pre-purchase recommendation,
Wansink (2012) Monetary, post-purchase product the post-purchase evaluation is more favourable
effort, scope evaluationsareimpacted by with lenient return policy but when there is no

and exchange

the suggestions and return

recommendations the evaluation is better with

leniency policies. restricted return policies.
Lantz & Hjort Monetary Explore the influence of free A lenient delivery policy is associated with
(2013) leniency delivery and free returns on increased order frequency, decreased average

the purchasing and return
behaviour of real e-

customers

value of purchased items, increased probability of
return, and increased average value of returned

items
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2.2. Nudges

Another approach that can be useful in reducing product returns is the use of nudges. By
empowering individuals to make better decisions, nudge interventions can lower market
failure and boost resource efficiency as a customer-based tool. Online retailers use a range of
influencing strategies to try to increase their revenues, but these strategies are also used to

improve social welfare (Ghose, 2023).

2.2.1 Definition

Behavioural economist Richard Thaler and the legal expert Cass Sunstein invented the concept
of “nudge” in 2008. A nudge can be described as a choice architecture design element that
aims to influence people's behaviour in a predictable way without significantly altering their
material incentives, restricting their option set, or using coercion (Mirsch et al. 2017, Thaler &
Sunstein 2008). Setting a default option, drawing attention to certain options, drawing
attention to social normes, slightly altering how easy it is to choose certain options, creating a
psychological anchor, and giving people specific information are examples of common nudges
(Weinmann et al., 2016). The use of nudging can help achieve a variety of goals and is relevant

in a wide range of situations.

Choice circumstances have been included into online contexts for everything from e-
government to e-commerce interactions. While many nudging tactics (such as the use of
framing or appealing to norms) are tied to content or terminology, other nudging strategies
can be used simply changing the way user interfaces are designed. Choice architects, who
design the decision environment, are thereby attempting to influence or direct people's
behaviour through digital nudges. Weinman et al. define digital nudging as “ the use of user
interface design elements to guide people’s choices or influence users’ inputs in online

decision environments”. (Weinman et al., 2016)

2.2.2. Heuristics

Thaler and Sustein drew inspiration for the nudge notion from a behavioural economics paper.
This article demonstrates how humans rely on a small set of heuristic concepts that simplify

difficult tasks like estimating values and evaluating probability (Tversky & Kahneman, 1974).
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The concept of heuristics is defined by Frimodig (2023) as “a mental shortcut or rule of thumb
that simplifies decision-making and problem-solving. Heuristics often speed up the process of
finding a satisfactory solution, but they can also lead to cognitive biases”. The biases produced
by these heuristics can be used to design nudges. The paper presents 3 common heuristics to

explain their concept:

Representativeness: Individuals evaluate probabilities based on the degree to which an object
or event is representative of or resembles a particular category. Essentially, they judge the
likelihood of something based on how well it matches the stereotype or prototype of that

category. (Tversky & Kahneman, 1974)

Availability: People judge the likelihood or frequency based on how easily instances or
examples of that event or class can be brought to mind. If instances or examples come to mind
readily, people tend to judge the event or class as more frequent or probable. (Tversky &

Kahneman, 1974)

Adjustment and anchoring: When people start from an initial value or anchor and then adjust
that value to arrive at a final answer, they do not move far enough away from the initial anchor.
As a result, different starting points or anchors can lead to different estimates that are biased

towards the initial value. (Epley & Gilovich, 2006)

2.2.3. Biases

While heuristics can be useful and efficient in many situations, they can also lead to systematic
errors and deviations from rationality. Therefore, the use of heuristics can contribute to the
emergence of biases (Tversky & Kahneman, 1974). These biases are exploited to create nudges
capable of influencing decisions. Here are a few examples of biases that can be used to create

nudges:

The decoy effect: This effect increases the attractiveness of an option by presenting another
unattractive option that cannot be chosen logically. For example, when book buyers are
presented with 2 options, $10 for a book in digital format and $20 for the same book in digital
and hardcover format, the majority choose the digital version. If we present a third option that
seems unreasonable, $20 for the hardcover version only, the majority will now choose the $20

option that offers both versions. (Weinman et al., 2016)
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The scarity effect: People find scarce items more attractive than other items. Thus, by
indicating that the availability of an option is limited, people are more likely to choose it.
(Weinman et al., 2016). Backers of a hypothetical film production might choose between two
rewards: $10 for a credit listing in the film or $50 for a DVD/Blu-ray disc of the film. 69% of
supporters selected the low-price prize when it was the last one available, while 70% selected

the high-price reward when it was the last one available.

The middle-option bias : People given 3 or more options will tend to choose the middle one.
To prove this, researchers gave 3 groups of people 3 choices of sums to bet, telling them that
they could bet one sum and have a chance of receiving double. One group was given a choice
between $5, $10 and $15, another between $10, S15 and $20 and the last between $15, $20

and $25. In all 3 groups, the middle option was the most popular. (Weinman et al., 2016)

2.2.4. Nudge taxonomy

These biases and heuristics allow researchers to create a wide variety of nudges that will
subconsciously influence consumers who are exposed to them, called nudgees. Numerous
taxonomies for classifying and organizing nudge interventions have been proposed in response
to the expanding body of research on these treatments. In the following we describe the most

popular classifications using 2 different approaches.

Taxonomy by means

Minscher et al. (2016) divided nudges considering their means rather than ends, creating this
taxonomy for creating successful interventions involving choice architecture. This taxonomy
has the advantage of being inductively developed from documented cases of nudges, and the
emphasis on intervention techniques makes it easier to build new testable interventions. In
recent reviews on the impacts of nudges, the taxonomy of Minscher et al. has gained
popularity due to its advantages (Ytreberg et al., 2023; Mertens et al., 2022; Wyse et al., 2021).
Minscher et al. categorize nudges according to 3 main categories including 9 different

techniques explained in table 2:

e The decision information category includes strategies in choice architecture that aim
to display decision-relevant information in a way that doesn't change the alternatives

themselves.
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e The decision structure category changes the options that are available in the decision
situation and the consequences of selecting it.
e The third category is the decision assistance which include techniques that aim at

helping the customer to follow through with their intentions.

Table 2: Nudge taxonomy by Miinscher et al (2016)

Category Technique Definition
Decision Translate information Changing the format or presentation of
information information  without changing the
content
Make information visible Making information visible that is not

apparent or readily available

Provide social reference point Providing information on other people’s
behaviour
Decision Change option-related effort Marginally changing the amount of effort
structure the selection of an option requires
Change choice default Changing which options are pre-selected

and what needs to be chosen actively

Change option consequences Linking micro-incentives to the

consequences of the options

Change range or composition of | Making changes in the alternative options

options presented
Decision Provide reminders Modifying the salience and the ease of
assistance access of options
Facilitate commitment Having participants committed to an
option

This taxonomy being a mixture of different taxonomies proposed in previous research and
being very exhaustive, it will be the taxonomy used throughout this thesis. But if nudges can

have different means, they can also have different objectives.
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Taxonomy by objective

Another categorization framework which considers means rather than ends is the one that
Congiu & Moscati (2022) created dividing nudges into 3 categories according to their objective

and not their means.

e The first category of nudges is intended to help the individual being nudged. These
nudges are described as "pro-self" nudges by Hagman et al. (2015) because they “help
individuals steer away from irrational behaviour which decreases their long-term well-
being”. (Hagman et al., 2015)

e By guiding the nudged individuals away from actions that might harm the common
good, the second type of nudges principally aims to improve societal welfare. (Congiu
& Moscati, 2022)

e The third category benefits primarily the nudgers (the company or the organisation)
over the nudge (the consumer). It is more difficult to distinguish between a third-

category nudge and a traditional marketing tactic like an add. (Congiu & Moscati, 2022)

At first glance, the use of nudging to limit returns of products purchased online falls into the
latter category. However, in fact, while it primarily benefits the retailer (because, as we saw
earlier, returns are very costly for the retailer), it also benefits society by reducing the
greenhouse gas emissions associated with returns. It could even be argued that it partly
benefits the consumer who, by making a more considered choice when making a purchase,
saves time that would otherwise have been lost by having to deal with product returns, which

can be sent back for a variety of reasons.

In the same spirit of classifying nudges according to their purpose, we can add the category of
green nudge, whose aim is to encourage people to adopt more environmentally-friendly
behaviour and thus is considered as a second category nudge by Congiu & Moscati (2022).
Greens nudges can use all the means described by Minscher et al. (2016) to achieve their

goals. This category is specifically developed just below.

2.2.5. Green nudge

The concept of "green nudging"—using nudges to encourage people to make decisions that
lessen the negative consequences of their lifestyles and consumption on the environment—

has only recently been studied by scholars. Green nudging, in a broader sense, is a component
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of